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Abstract

We derive two-sided bounds for moments of linear combinations of
coordinates od unconditional log-concave vectors. We also investigate how
well moments of such combinations may be approximated by moments of
Gaussian random variables.

1 Introduction

The aim of this paper is to study moments of linear combinations of coordinates
of unconditional, log-concave vectors X = (X1,...,X,,). A nondegerate random
vector X is log-concave if it has a density of the form g = e, where h: R —
(=00, 0] is a convex function. We say that a random vector X is unconditional
if the distribution of (n; X1, ...,n,X,) is the same as X for any choice of signs
m,---s7n-

Typical example of uncoditional log-concave vector is a vector distributed
uniformly in an unconditional convex body K, i.e. such convex body that
(£x1,...,+x,) € K whenever (z1,...,z,) € K.

A random vector X is called isotropic if it has identity covariance matrix,
ie. Cov(X;, X;) = 6; ;. Notice that uncoditional vector X is isotropic if and
only if its coordinates have variance one, in particular if X is unconditional with
nondenerate coordinates then the vector (Xi/Var'/?(Xy),..., X, /Var'/?(X,,))
is isotropic and unconditional.

In [3] Gluskin and Kwapieni derived two-sided estimates for moments of
Z?:l a; X; if X; are independent, symmetric random variables with log-concave
tails (coordinates of log-concave vector have log-concave tails). In Section 2 we
derive similar result for arbitrary unconditional log-concave vectors X.

In [6] Klartag obtained powerful Berry-Essen type estimates for isotropic,
unconditional, log-concave vectors X, showing in particular that if >, a? = 1
and all a;’s are small then the distribution of S = Z?’:l a;X; is close to the
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standard Gaussian distribution A/(0,1). In Section 3 we investigate how well
moments of S may be approximated by moments of N(0, 1).

Notation. By £1,¢9,... we denote a Bernoulli sequence, i.e. a sequence
of independent symmetric variables taking values £1. We assume that the
sequence (g;) is independent of other random variables.

For a random variable Y and p > 0 we write ||V, = (E|Y|?)!/P. For a
sequence (a;) and 1 < g < oo, [lall; = (32, a:|)/? and |ja|je = max; |a;].
We set By = {a € R": [ja], < 1}, 1 < ¢ < co. By (a])1<i<n we denote the
nonincreasing rearrangement of (|a;|)1<i<n.

We use letter C' (resp. C(«)) for universal constants (resp. constants depend-
ing only on parameter «). Value of a constant C' may differ at each occurence.
Whenever we want to fix the value of an absolute constant we will use let-
ters Cp,C5,.... For two functions f and g we write f ~ g to signify that

&f<g<CFf.

2 Estimation of moments

It is well known and easy to show that if X has a uniform distribution over a
symmetric convex body K in R™ then for any p > n, || > .., ai X;||p ~ ||la||xe =
sup{|>_;<, @ixz;|: * € K}. Our first proposition generalizes this statement to
arbitrary log-concave symmetric distributions.

Proposition 1. Suppose that X has a symmetric n-dimensional log-concave
distribution with the density g. Then for any p > n we have

I3
=1

[~ llallg.

where
Ky :={z:g(z) 2 e Pg(0)} and |a|k; = sup{Zai:m: x € Kp}.
i=1

Proof. First notice that there exists an absolute constant C; such that

HD(X € Ole) >1—e?> %
For n < p < 2n this follows by Corollary 2.4 and Lemma 2.2 in [7]. For p > 2n
we may either adjust arguments from [7] or take any log-concave symmetric m =
|p| —n dimensional vector Y independent of X with density g’ and consider the
set K’ = {(z,y) € R"xR™: g(z)g'(y) > e Pg(0)g’(0)}. Then K, is a central n-
dimensional section of K’, hence P(X € C1K,) > P((X,Y) € C1K') > 1—¢7P.
Observe that for any z € K,

n
Hx € Ky: ’Zaixi
i=1

1 - -n —-n
> 3 2w | 2 271K 2 (20) TRX € GG /5(0),



therefore choosing z such that 321" | a;z; = ||al| ks we get

HiCLle {xGKP: ‘iam E%ialzl}‘l/p
i=1 i=1 i=1

> 2_1/1)”&”}(;6_1(201)_n/pP(X S Cle)l/p >

> 277 seze " g(0)' /7
p

o el

To get the upper estimate notice that

P(’ i a,-Xi
i=1

Together with the symmetry and log-concavity of " | a;X; this gives

P(’ ;aiXi

> Cillallig) SP(X ¢ C1K,) < e,

> C’1t||a||Kg) <e P fort>1.

Integration by parts yields H S aiX;

< Cllallg. O

Remark. The same argument as above shows that if & > e then

n
H Z a; X;
i=1

From now on till the end of this section we assume that vector X is uncon-
ditional, log-concave and isotropic. Jensen’s inequality and Hitczenko estimates
for moments of Rademacher sums [5] (see also [12]) imply that for p > 2,

aiXi = H a;&; Xl 2 H aisiE Xz
HE; =[], = [ S aemx],
1 . Lo\ 1/2
> (e va(Xar) ). 1)
i<p i>p
The result of Bobkov and Nazarov [2] yields for p > 2,
HZGZ'XZ‘ S CHZCLZEl
n p -
K3 K3

where (F;) is a sequence of independent symmetric exponential random variables
with variance 1 and to get the second inequality we used the result of Gluskin
and Kwapien [3].

Estimates (1) and (2) together with Proposition 1 give

) > 4a101 sup { ;aixi: g(x) > a_pg(O)}.

pSC’(pmiax|ai|+\/]3(Za3)l/2)7 (2)

SWEBENBL) C {2 g(e) > e 79(0)} € C(VPBE +pBY) forp>n. (3)



Corollary 2. Let X = (Xy,...,X,) be an unconditional log-concave isotropic
vector with the density g. Then for any p > n we have

n
H Z aiX
i=1

M:

Nsup{ a;zi: g(x) > e~ pg(O)}

.
—

3

Nsup{ )26_5”/2}

:HM

~ sup{z lailts: BOX1) >ty | Xn| = te) > e*p}.
=1

Proof. We have g(0) = L%, where Ly is the isotropic constant of vector X.
Unconditionality of X implies boundedness of Ly, thus

e 82 < (2me)"/? < g(0) < C3,
where C3 is an absolute constant (see for example [2]). Hence

{: g(z) = e7Pg(0)} C {2 g(w) = e™/?} C {2 g(x) = (2C) Pg(0)} (4)

and first two estimates on moments follows by Proposition 1 (see also remark
after it).
For any t¢4,...,t, > 0,

n
Shored
i=1
therefore

H S ax,
=1

To prove the opposite estimate we use already proven bound and take x such
that g(z) > e™*/2 and Y7 a;a; > || i, aiXillp- By the unconditionality
without loss of generality we may assume that all a;’s and z;’s are nonnegative.
Notice that by (3) and (4) we have g(1/Cs,...,1/C3) > e~°?/2. Hence by log-
concavity of g we also have g(y) > e=%?/2 for y; = (z; + 1/C3)/2. Notice that g
is coordinate increasing on R}, therefore

(me TR(X] > b Xl 2 1),

>—sup{Za” |X1|>t1,...,|Xn\2tn)ze_p}.

P(Xl > % , X, > ‘%1) > g(y)

u::]:

% > e7IP/2(405) " > (4€5/2C;5) 7P

Function F(s1,...,8,) = —InP(X; > s1,...,X, > s,) is convex on RY,
F(0) = nln2, therefore
Y Yn Y1 Yn _
P(X > x| > 7) :Q”P(X >Y X, > 7) > P
Xz L) 2 N Y O ES



for suffiently large Cy. To conclude it is enough to notice that

n

1 n
Z 04 - 204 Zaixi = 20204‘ Pl

O

Theorem 3. Suppose that X is an unconditional log-concave isotropic random
vector in R™. Then for any p > 2,

n 1/2
H ZaiX, ) sup{ Z aizi: gr,(z) > efpgjp(())} + \/ﬁ( Z af) ;
i=1 i€l,

i,
1/2
~ sup{ Z a;ixi: gr,(r) > 6751)/2} + \/ﬁ( Z af)
i€, i,
1/2
~ Sup{ Z |ailt;: P<Vielp | Xs| > ti) > e_p} + \/15< Z a?) ,
i€lp i¢Ip,

where gg, is the density of (X;)icr, and I, is the set of indices of min{[p],n}
largest values of |a;|’s.

Proof. By Corollary 2 it is enough to show that

(T o], r (S )) <[ L],
i€, -
o
i€l,

Observe also that } -,/ ai = Yo, lar]?.

Unconditionality of X; implies that || > i, a; X; ||, > || > ier, @iXillp- Hence
the lower estimate in (5) follows by (1).

Obviously we have

I3
=1

(X)) )

P

e
2

¢,
Estimate (1) and (2) imply

H Z a; X (pmax|az| + \f( Z 2>1/2)

il
el
iel,

1/2
HVR(2a) )
i¢
and upper bound in (5) follows. O

P



Example 1. Let X; be independent symmetric log-concave r.v’s. Define
N;(t) .= —P(|X;| > t), then P(X; > t; for i € I,) = exp(—>_,.; Ni(t;)) and
Theorem 3 yields the Gluskin-Kwapien estimate

32 o]~ s { Cledec: XM <9} +vi( X 2)
=t i€l i€l

il

i€,

1/2

Example 2. Let X be uniformly distriputed on ry By with 1 < ¢ < oo,
where 7,4 is chosen in such a way that X is isotropic. Then it is easy to
check that 7, 4 ~ n'/4. Since all k-dimensional sections of Bj are homogenous

we immediately obtain that for I C {1,...,n} and = € RY, gr(z)/g:(0) =
(1 — (|2llq/Tn.q)®)" 1. Hence for 1 < p < n/2 we get that

sup { D" aii: g1, (@) = ¢ g1, (0) ) ~sup { 3w oy < p

iel, iel,

Since for p > n/2, || >0 a; X;
[1] and show that for p > 2,

n ’ l/q/ 1/2
|3 e ~mingpny /e (E i) "+ va(Xlail) "
i=1 P i<p

iP>p
where 1/¢' +1/¢=1.

~ I3 ai X
p

, we recover the result from
n/2

Remark. In the case of vector coefficients the following conjecture seems
reasonable. There exists a universal constant C' such that for any isotropic
unconditional log-concave vector X = (X1,...,X,,) any vectors vy,...,v, in a
normed space (F, | -]|) and p > 1,

p) 1/ p)

ISy S
=1 =1

The nontrivial part is the upper bound for (E[ Y"1 v;X;||P)Y/P. Tt is known
that the above conjecture holds if the space (F, || -||) has nontrivial cotype — see
[9] for this and some related results.

Remark. Let S =" | a;X;, where X is as in Theorem 3. Then P(|S]| >
ellS|lp) < e by the Chebyshev’s inequality. Moreover [|S||2, < C||S||, for p >
2, hence Paley-Zygmund inequality yields P(|S| > ||S||,/C) > min{1/C,e"P}.
This way Theorem 3 may be also used to get two-sided estimates for tails of .S.

+ sup (E‘ng(vi)Xi
llell <1 i=1

3 Gaussian approximation of moments

Let v, = [N(0,1)[|, = 2P/2T(EEL) /y/7. In [8] it was shown that for independent
symmetric random variables X1, ..., X,, with log-concave tails (notice that log-



concave symmetric random variables have log-concave tails) and variance 1,

n
(D3
=1

(see also [11] for p € [2,3)). The purpose of this section is to discuss similar
statements for general log-concave isotropic vectors X.

The lower estimate of moments is easy. In fact it holds for more general
class of unconditional vectors with bounded fourth moment.

~llall| < plall foracR”, p>3 (©)

Proposition 4. Suppose that X is an isotropic unconditional n-dimensional
vector with finite fourth moment. Then for any nonzero a € R™ and p > 2,

|3

1
2 pllalla - f|| : (ZG4EX4) 2

p
> llall2 - Wi max(EX)"/?||al|oc.
Proof. Let us fix p > 2. By the homogenity we may and will assume that
lall2 = 1.
Corollary 1 in [8] gives
n 1/2
szigi pr( Z |bf|2> for b € R",
i=1 P i>[p/2]

where (bf) denotes the nonicreasing rearrangement of (|b;|);<y. Therefore

" P n p/2
a; X il > pIE( a?Xi2 — max a; XQ)
H ; = ; #1<p/2* Z

- /2 p/2
> (E(Z a?X? — max a2X2)) =0 (1 —E max a2X2) .
P #I<p/2 Y #I<p/2 Y

We have

n

1/2 ) 1/2
E ma 2X2 <E max /# ( 4X4) < fE( 4X4>
#I}qu(/z = “ #1}23(/2 ;al ' — V2 ;a’ k
D n 1/2
< \/g ( 3 afEXf) .

i=1
Since 1 —x > 1 —x for z > 0 and 7, < ,/p the assertion easily follows. O

Since EY* < 6 for symmetric log-concave random variables Y we immedi-
ately get the following.



Corollary 5. Let X be an isotropic unconditional n-dimensional log-concave
vector. Then for any a € R™\ {0} and p > 2,

n 1/2
H L2l = o= (33al) 2 wllells — V3plale
=1

Now we turn our attention to the upper bound. Notice that for unconditional
vectors X and p > 2,

HiaiX = HiaiEiX (Za2X2>1/2
i=1 P i=1

where the last inequality follows by the Khintchine inequality with optimal

constant [4]. First we will bound moments of (3"}, a?X?)'/2 using the result

of Klartag [6].

: (7)

<
p

Proposition 6. For any isotropic unconditional n-dimensional log-concave vec-
tor X, p > 2 and nonzero a € R™ we have

Proof. By homogenity we may assume that |ja]l2 = 1. We have

() ), <1+ L () 1) o
i=1 i=1

n 1/2
= llalz < cp5/2H H(Xlal?) < ol
i=1

Notice that

Z 2(x7 1) = ((zw)”_1)((§agxg)”2+1),

thus

n 1/2 n
242 2/ v2
aiXi) - 1) lp < H a; (X;

Lemma 4 in [6] gives

| > axz - | - var(32 a2x?) < gia;‘EXf <163 ol
i=1 i=1 =1 =1

Comparison of moments of polynomials with respect to log-concave distributions
[13] implies

I$-etext-u], < oSt = (S5e)
i=1 =1

i=1




We may improve p°/2? term if we assume some concentration properties of

vector X. We say that vector X satisfies exponential concentration with con-
stant « if

1
PX€d)>5 = P(X € A+tBY)>1—e /"

Proposition 7. Let X be an isotropic unconditional vector that satisfies expo-
nential concentration with constant k. Then for any p > 2 and a € R",

| >,
=1

= llallz + Crp*2a] .

Proof. Notice that

n 1/2
sup{(Za?y?) : yEtBS} = t]|a||oo-
i=1

Using standard arguments we may therefore show that exponential concentra-
tion implies for p > 2,

n 1/2 n 1/2
|(atx) ™| <||(Xatxz) |, + Onpliall = llall + Crpllal.
=1 =1

We conclude using (7). O

Since by the result of Klartag [6] unconditional log-concave vectors satisfy
exponential concentration with constant C'logn we get

Corollary 8. Let X be isotropic unconditional logconcave vector. Then for any
p>2anda € R?,

I3
=1

To get the factor p instead of p°/* we need a stronger notion than exponential
concentration. We say that a random vector X satisfies two level concentration
with constant k if

, < wllalla + Cp*? lognl|alloc.

3/2

1
PX€d)>5 = P(X € A+ VtBY +tB}) >1—e /"

Since it is enough to consider ¢ > 1 two level concentration is indeed stronger
than exponential concentration.

Proposition 9. Suppose that X is an isotropic unconditional vector that sat-
1sfies two level concentration with constant k. Then for any p > 2 and a € R™,

n
H Z a; X;
i=1

, < ellalle + Crpllaic.



Proof. For p > 2 define a norm || - ||, on R™ by |lz|, = || Y i, z:&llp. Notice
that [z, < ~pl|z(l2, hence

Ell(a: Xi)ll7 < vy llall3-
Observe also that

SUP{M(aiJCi)mp: z € ViBY +tBI'}
Fouplae )l € Bg) + tsup (00l

] n

< Vi sup{|[(aizi)|2: = € By} +tllallo = (Vi +t)l|al| -

Let M, = Med(||(a;X;)|p), two level concentration (applied twice to sets
A= {[[(a:iXi)ll, < Mp} and A = {[[(a; X;)[l, > Mp}) implies that

P([I@Xo)ly — M| = (Vi + B)llallec) < 2exp(~t/r).
Integrating by parts this gives for p > ¢ > 2,
(@i Xlly — Myl|, < Ch(v/ar + allalls < Cripllalo-

Hence

[35eux,

= i@ X)llplly < [lll(aiXs)llpll2 +Crpllallo < Apllallz+Crpllallco-

O

Unfortunately we do not know many examples of random vectors satisfying
two level concentration with a good constant. Using estimate (2) it is not
hard to see that infimum convolution inequality investigated in [10] implies two
level concentration. In particular isotropic log-concave unconditional vectors
with independent coordinates and isotropic vectors uniformly distributed on
the (suitably rescaled) B, balls satisfy two level concentration with an absolute
constant.

The last approach to the problem of Gaussian approximation of moments we
will discuss is based on the notion of negative association. We say that random
variables (Y7,...,Y,) are negatively associated if for any disjoint sets Iy, I in
{1,...,n} and any bounded functions f;: R’ — R, i = 1,2 that are coordinate
nondecreasing we have

Cov(fu((Xi)ien)s fo((Xi)ier) ) < 0.

Our next result is an unconditional version of Theorem 1 in [16].

Theorem 10. Suppose that X = (X1,...,X,) is an unconditional random
vector with finite second moment and random variables (| X;|)7_, are negatively

10



associated. Let X{,..., X} be independent random variables such that X} has
the same distribution as X;. Then for any nonnegative function f on R such
that f" is convex and any ai,...,a, we have

Ef(f:aiXi) < Ef(zn:aiX;)- (8)
i=1 i=1
In particular

forp > 3.

E’ zn:aiXi "< ]E‘ zn:aiX: :
=1 =1

Proof. Since random variables |a; X;| are also negatively associated, it is enough
to consider the case when a; = 1 for all . We may also assume that variables
X} are independent of X. Assume first that random variables X; are bounded.
Let Y = (Y1,...,Y,,) be independent copy of X and 2 < k < n. To shorten
the notation put for 1 <1 < n, S, = 22:1 ;| X;| and S, = 22:1 g;|Yi| (recall
that €; denotes a Bernoulli sequence independent of other variables).
We have

F(Sk) + F(Sk) = F(Ske1 + x| Ye|) — F(Sk—1 + €] Xi|)

[ X -
= /| Ek(f/(Sk_l + €kt) — f/(Sk_1 + Ekt))dt

Yk‘

=/ er(f' (k-1 +ent) = f'(Sk-1 +ert)) (L x>0 — Ljvigzey)dt. (9)

— 00

Define for t > 0, g;(x) = Eep f'(x 4+ ext) = (f'(x +t) — f'(x — t))/2 and

k—1 k—1
hel(nl, s anoal) = Beenf' (D eiloil +ent) = Eau (3 eilail).
=1 =1

Taking the expectation in (9) and using the unconditionality we get

Q(Ef(éxi)_w(’;mx;))

= IE/ Ek(f/(sk_1 +ext) — f/(gk—l + Ekt))(lﬂxk\Zt} - I{‘yk|2t})dt

= [ EL3] o 1X) = Be(¥iL e YD) (g, ) = i)
:/ COV(ht(le‘,...,|X;C,1|),I{‘Xk‘2t}>dt.

Convexity of f” implies that the function g; is convex on R, therefore the
function h; is coordinate increasing on Rf‘fl. So by the negative association we
get

Ef(ixi) < Ef(li_jlxi + Xi) (10)

11



The same inequality holds if we change the function f into the function f(-+h)
for any h € R. Therefore applying (10) conditionally we get

Ef(iXH— Z x;) SEf(kz_:leLXn:Xf)
1=1 =1 1=k

i=k+1

and inequality (8) easily follows in the bounded case.
To settle the unbounded case first notice that random variables | X;| Am are
bounded and negatively associated for any m > 0. Hence we know that

]Ef(zn:sﬂXA /\m) < Ef(zn:mxm /\m).
=1 =1

We have iminf,,, oo f(O 1, il Xi| Am) > Ef(>°1, & Xi]), so it is enough to
show that , iminf,, . Ef (30, &l X | Am) <Ef(X i, &l X7]).

Let us define u(z) = f(z) — 5 f”(0)2?, function u” is convex and u”(0) = 0.
Since E|X;|? = E|X[|? < oo it is enough to show that for any m > 0,

n

Eu(igm;mm) gEu(ZEAXﬂ). (11)
=1 1

7=

= Eu(e1s+eat), then v (t) = Eu(e15 4+ eat) > v (E(e1s +

Let for s € R, v,(t)
'(0) = 0, hence v, is nondecreasing on [0,00). Thus for any

gqt)) = 0 and v

x e€R"”,
Egu(25i|xi| A m) < Esu(25l|xl|)
i=1 i=1
and (11) immediately follows. O

Corollary 11. Suppose that X is an isotropic undonditional n-dimensional log-
concave vector such that variables | X;| are negatively associated. Then for any
ai,...,a, andp >3,

~Vplallee < || 3o aiXs] ~llalls < pllalls.

i=1
In particular the above inequality holds if X has a uniform distribution on a
(suitably rescaled) Orlicz ball.

Proof. First inequality follows by Corollary 5, second by Theorem 10 and (6).
The last part of the statement is a consequence of the result of Pilipczuk and
Wojtaszczyk [14] (see also [15] for a simpler proof and a slightly more general
class of unconditional log-concave measures with negatively associated absolute
values of coordinates). O
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